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Machine Learning Master Certification
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This certificate can be verified using the open badge which was issued to the certificate holder. %/M j L -
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Platform Administration Master Certification
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Platform Overview, idMiner Studio Ilati idMiner Server Admini
RapidMiner Real-Time Scoring, and RapidMiner Marketplace.

Radoop,

This certificate can be verified using the open badge which was issued to the certificate holder. %/M ji § -

The open badge can be uploaded and tested via this redirect: www.rapidminer.com/badgecheck Knut Makowski Peter Lee
(Head of Education) (CEO RapidMiner)
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anuNNnedNt age (1WRyULTURRN) U&L150N Sort View (Ascending) 1NBI38381 AL
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[ XoX ] <new process> - RapidMiner Studio Enterprise 9.10.008 @ Eakasits-M: Pro.local
4 H v ) v . Views Design Results Turbo Prep Auto Model |~ More ¥ [mu data, operators...etc P | Allswdio v
Turbo Prep
Data Sets customers
Add new data sets on the left. Details for the selected data are shown below. You can change the data with the following actions. (i)
<+ LOAD DATA X TRANSFORM . CLEANSE [ GENERATE 3 PIVOT 9+ MERGE eoe
customers
//practical_data_science/data/customers
Rows: 600 customer_id income A mai car
Columns: 9 Category x Transformations » igory Number Ca Number Category
A
Last Change: None 1D12101 48 o Cleansing 17546
ID12102 40 Show Details... 30085.100 YES 3 YES
ID12103 51 Sort View (Ascending) 16575.400 YES 0 YES
ID12104 23 Sort View (Descending) 20375.400 YES 3 NO
ID12105 57 50576.300 YES 0 NO
ID12106 57 'WOMAN TOWN 37869.600 YES 2 NO
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eCe <new process> — RapidMiner Studio Enterprise 9.10.008 @ Eakasits-M; Pro.local
5 H - > - B Views: Design Results Turbo Prep  Auto Model ~ More ¥ [/ ind data, operators...etc 3| All Studio ¥
Turbo Prep
Data Sets customers

Add new data sets on the left. Details for the selected data are shown below. You can change the data with the following actions. (i)

<+ LOAD DATA X TRANSFORM . CLEANSE [ GENERATE 3 PIVOT 9+ MERGE eoe

customers a

//practical_data_science/data/customers

Rows: 600 customer_id A age A\ gender ncome car
e — Category Number egory tegory Number Numbs/ =

Last Change: None ID12185 MALE INNER_CITY 24026.100 2
ID12221 4 MALE RURAL 29525.500 NO ? NO
ID12111 6 FEMALE TOWN 59803.900 YES 0 NO
ID12248 11 FEMALE INNER_CITY 18860.300 NO 2 NO
ID12196 18 FEMALE INNER_CITY 9990.110 YES 0 NO
ID12200 18 FEMALE RURAL 15348.900 YES 0 YES
ID12306 18 MALE INNER_CITY 14388.600 NO 0 YES
ID12376 18 MALE RURAL 9362.580 YES 0 YES
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CHAPTER 5

tuunh 4 1sTlduaavduaaunisiassudoya (Data Preparation) lagtdiAZoviia
Turbo Prep uav RapidMiner lunisdanisua:zuAludoyaciva Auluudd tuundo:
(3ULTNgMsItAs1:idayaldoudu lagisuInIEpvupVMsH Segmentation logld
Turbo Prep UEieluMsLUYAGUMULUIAQUDY RFM Segmentation wsauAud
2:1AUaaVIEMSIBWOABU Generate IWoadwyadayalkuongasAudeu dotdu
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wudAamMsuuvnguanAlugn Marketing 5.0

ATULINgNNeN (Customer Segmentation) Luwwdanminmiaaianszuananignihan
15 lumagyianuud lesdumsudssiuaaia wisudinguandmdunadsunuliidungy
e uelugaadodagiuiianlniaias “Digital & Technology” N19611 Data 33iliAT0aile

ANURNNNTUUULUIAALAN TIlUUNTIZURAINITULITaNaAINaV8I Customer Data @78

U
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RapidMiner Turbo Prep tNautisdayasanifungutas g lasiimsszySaulyliudusnuds nadl

Wavnsnauauasdisuanilynslaldadouaug

luntisdia Marketing 5.0 : Technology for Humanity lae Philip Kotler ﬂdnﬁ\‘imqwaﬁ
fdde Zeeeg Aluamansarldlueda waidudwld ldudaluilaariv \flasanasdusznay
mamaluladluneuilidulnedradud litraadundonsduim (Computational Power),
gawaus lotwusada (Open Source Software), N13UzaIaNUUAAIIGA (Cloud Computing),
mia’?}amimo’éumaiﬁmﬁaamwmﬁuga (Internet & Broadband Speeds), gnyniiaiia (Mobile
Devices) uazbinandn (Big Data) ¥ay &ruduiadandneulinisaaiaidsuain Marketing
4.0 (Moving to Digital) 14 Marketing 5.0 (Marketing in Digital World) $3.fut13fin13aaa
Lﬁﬂg’izﬂ:ﬁmﬂIuT,aﬂ“fugmxgﬂm"l,ﬂl%‘l,umiﬁw Marketing 154 Al, 0T, iuauduins iudu

Fyaztduanumuzes Deepen Marketing WuLBIATY

- = D ] S

rd N
Computing Open-source The Internet Cloud Mobile 88
power software computing devices Big data
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STEP 4: ms{gUs:louUuo1n RFM Segmentation (Benefits)

Mé’\‘imﬂﬂ”lﬂl,‘]_i\‘mQ‘NQH@TW@WNLL%?@WEBG RFM L& a:vl,ﬁmjuﬁal,wi 111 31D 555 AaLilu

125 ngu aslunislfnwaldindudesfinrannnngs udidannguihaulanfanron iou

Py '
' a v oA

NgY 555 8193:38n I “Ngu Champion” w3a “ngu VIP” 1ugndnduiigefuduiieliwu

[
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TaFudnUas uardaRudyamgidndis uTEmIsasRTanuenyimanzdmiugn
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e

1

nanilidudiiae uaeAITTNINANAINGY VIP mmﬁmﬂﬂﬁmuﬁqm
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uanandl Gadluwinislunisaadangueiag i lugdi 5 - 51 AmIuLingugnén
sanidu 12 nin awsnguneazduaiudnldnnivled “miameiuazaan” lurde

“12 Customer Segments 910 RFM Model fitinn13aaagnadn 5.0 dasi”

12 Customer Segments @

. Champion

S .

(Frequency,
Monetary)

. Loyal Customers
. Promisin

1 9
. New Customers

. Abandoned Checkouts

. Callback Requestors
. Warm Leads

. Cold Leads

" 9. Need Attention

8 7 10.Shouldn't Lose
5/6

L N O R W N -

11. Sleepers
Recency 12. Lost

=

sun 5 - 51 nduanATHAVINUUVNEUAIY3S RFM Segmentation

WS@AN : https://www.everydaymarketing.co/target/mass/

12-strategy-for-12-customer-segments-from-rfm-model/
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fuunidv:=asuigasuudazinAdALdrit Workshop A28 RapidMiner uavtnalA

dua Tago:13U91n Machine Learning Juwugiu nisasivlutaadiginadn
MstSgusuuuiianu (Supervised Learning) lagld RapidMiner Auto Model ua:
{uruvdalaunalu v:p5ugfivmsitAsizrdayaddsinAlAMSsISaUSLUUlLTRaU
(Unsupervised Learning) AiA21UEUSaULIATU




PRACTICAL DATA SCIENCE 1
WITH RAPIDMINER STUDIO 10 1 il

LWUdAQUDVMSISYUSUUUDRaDU

nmidsuiuuuiidaeu (JumaSeuinndeyanddmou/anua (Label)/aana (Class)

'
v o A A

aguin Sadludeyaluada wialidibsimgidudivueaiuama i Sudayaiiiand doys

u u

[

#ngou (Training Data) wwiAansviusaaneiialunguil aziiunnmrdsdeyainaau

lldinauRimeitous uazldiludanly (Rules) niaauninsadiaman’t (Math Equation)

'
A

nmglunmIwensaidrdmideyalnideluld Ssmunsnasdidagdi e - 3

— T, >

‘ ID ’ Gender ‘ E-mail ‘ Sale ‘Response‘
1 Female = Premium Yes Yes
2 Male Premium  Yes Yes " o
&574 classification model
3 Female Free No No
4 Female = Premium Yes Yes
5 Female = Premium Yes Yes e

training data

‘ ID ‘ Gender ‘ E-mail ’ Sale ‘Response‘ e : ° m

6 Male  Premium No ? 6 No
7 | Female  Free Yes ? : 7 Yes
new data e g

classification model

SUA 6 - 3 LudAQUDYMSISBUSLUUTREDU
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M3uiifyn1 Imbalanced Data v léina183T 154

e M3 Under Sampling : \lunsgudayafiidu Majority Class aaasunliddiiuiu

Infifusiunguiii Minority Class

*  N13711 Over Sampling : L‘]“Jumm%wa‘*ﬁamﬁtﬂu Minority Class 1¥ 1S anmsunntu 4
‘ﬁagal‘m f‘:mﬁ]‘ﬂ aslﬂammnwamamu (Lssmm Synthetic Minority Oversampling
Technique mal,ssmauﬂ 71 SMOTE)

o mMIgFeluaafI83T Cost Sensitive Learning : 1@83=nin%ua@A1 Cost wiathwinle

nudayasieg lasdn Cost dazidudifidu Penalty atafaluiaa ununenuin

TutaaazwenenylFaIweInIaidaauiRatio u e

819170 Workshop #azlaasdnae19n1314 Auto Model 11 RapidMiner ufitloyn Imbalanced

Data #1835 Cost Sensitive Learning tJunan lagdtuaaunslduaeil

1. @@dniy BACK e foutunaundvlufiiunau Prepare Target ﬁagﬂ‘ﬁ' 6 - 38

Auto Model

Load Data Select Task  Prepare Target Select Inputs  Model Types Results @
[ @ @ @ @ ]
« RESTART  { BACK |9 OPEN PROCESS £ DEPLOY
A
Results Decision TreeQIodel
~ | Decision Tree
Model e
Weights 5
Simulator
Performance
Lift Chart
Optimal Parameters >
Predictions number_project
Production Model
> 6.500 <6.500
~ © General yes average_montly_hours
Data
Statistics > 289 =g
Weights by Correlation yes time_spend_company

Correlations
> 4.500 <4.500

satisfaction_level

sUA 6 - 38 panJu BACK 1WadiauduaaunauluRduaau Prepare Target

1
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PRACTICAL DATA SCIENCE
WITH RAPIDMINER STUDIO tau 1 ﬂ

Machine Learning

= m -3

Input Feature extraction Classification Output

Deep Learning
. PR
Input Feature extraction + Classification Output

’ §Uﬁ 6 - 128 uusAQuUDY Machine Learning wa: Deep Learning

WASAA : https://www.linkedin.com/pulse/lets—understand -difference -between-machine

-learning-vs-gauri-bapat/

134 RapidMiner Auto Model aztiuimnaiia Deep Learning Nlan1Uaen3IsuLuL Convolutional

Neural Network (CNN) TaufiTnuazidsauuidaaysa’lls

dwitmatugiveesmitouiidadnilflunsduundszsinnaasgdniw lasasiudeys
sunmwdnswszudaslinaeidumnsi visning (Matrix) eusslddsznianaluduias

aldmaavluturiege asuaadlugli 6 - 129

- =1

predicted
pooling convolutional pooling  fully-connected Elass
input image convolutional layer layer layer layer
layer
CNN

P suf 6 - 129 uudAauavlAsVEIBUS:aNIAigUILUU
Convolutional Neural Network (CNN)

WSAG : https://cezannec.github.io/Convolutional Neural Networks/
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